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Our Journey During The Semester

Introducing The Project Making Plan
Getting the project Idea and Divideng tasks and steps,
Tasks from the Company making plan how to develop

Web Scraping

As it is the main root of our
project we began from this

Choosing the right Al

with our team

Model

Choosing the right language
and library to use

HLD
High Level Diagram

Implementing the Al

System Architecture

Model

Integrating the ideas and
implement the final result

Making System Architecture to
understand the project better

LLD

Low Level Diagram of our
Project that explaines it better



company's dominance as users branch

‘ m I I Temporary Error (500) Kakao service crash puts crack in
by Google out

TECHNOLOGY

Google shares drop $100 billion after its
new Al chatbot makes a mistake

FEBRUARY 9, 2023 - 10:15 AM E1

We're sorry, but your Gmail account is temporarily unavailable. We apologize
for the inconvenience and suggest trying again in a few minutes.

If the issue persists, please visit the Gmail Help Center »

Try Again Sign Out

By Emily Olson

Show Detailed Technical Info

Kakao Faces Class Action Suit As It Loses 2 Million Users Resulting from

Service Unavailable Service Disruption

Ihe server is temporarily busy, try again later! Meanwhile two messaging operators significantly gain users. | ’ G O Ogl e re Cog n ized fa i | u re a n d
' announced 30 min later

&, A — Google lost $2.3 million.

(o X s |

Kakao recognized failure 44 min
after the fire
— Kakao lost 2 million users.

71712 MH|A 28 Ohj

Kakao is now dealing with severe backlash following the disruption of Kakao Talk service for more than

10 hours on October 15 due to a fire at an SK C&C data center in Seongnam, Gyeonggi Province.



HERE COMES A QUESTION:

HOW CAN WE QUICKLY NOTICE THE FAILURE ON
EACH PLATFORM WHERE THE FAILURE OCCURED
SO THAT THEY DON’T MISS THE GOLDEN HOUR ?



Let’S fil‘ld the Web Scraping

Here we scrap the News

SOI Utio n Websites and give them to Al

Model

Al Model Alert
Al finds the related failure new Monitoring screen notifies the
user about the Failure

Apex



Motivation of Development

In embarking on our capstone project, we were presented with a compelling
challenge by a forward-thinking company: developing a Social Networking
Services (SNS) platform failure detection system based on news analysis.

Motivation

The motivation behind this endeavor stems
from the critical need to enhance the
resilience and reliability of contemporary
social media platforms. As these platforms
have become integral to global
communication, their failures can have far-
reaching consequences.

EUCLIDSOFT

The Purpose

The purpose of our project is to proactively
identify potential issues by leveraging news
data, enabling timely interventions and
minimizing user impact.

The necessity of such a system is evident
in the increasing reliance on SNS platforms
and the potential for widespread
disruptions when these platforms falter.

Techical Research,
differentiation from existing
technology

Unlike existing technologies and products,
our approach harnesses the power of
advanced natural language processing and
sentiment analysis algorithms to
dynamically scan news sources for
indicators of potential platform failures.



Overview

System model

The failure detection system collects all the latest
news from about 40 media companies and
analyzes its meaning using the Al model.

Whether the Al model has a failure on the platform
through each news.

If a failure occurs by determining whether or not, it
will send a notification that the failure has been

detected along with a link to an article related to it.

Process of developing a failure detection
system

In the crawling part for post collection,

Previous way:
Collecting News articles related to each platform

individually using keywords

Confirmed that there are news that is not
related at all in collected news

Changed way:

Collecting all latest News articles



Features

Real-time Monitoring Alerting Mechanism Customizable Historical Data
Continuous monitoring of Instant notifications via email, Set threshold values for Maintain a record of historical
critical system parameters. SMS, or other configurable different parameters to tailor data for analysis and trend

channels. the system to your needs. identification.



>20,000 latest news
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in 8 seconds
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What we need to Consider

* Speed
 Accuracy
e Data Source



Challenges and Solutions During the Project

Title Potential Challenge Proposed Solution
Web Scraping Finding the right library Some websites block scraping. Selenium was the best option
Finding Data Lack of failure news for training Actively searching for data with our team

Finding the right Model for both , _ ,
Al Model Yniversal-SentenreeEnreoder, BERT; Huggingface pre-trained model

Korean and English Languages




Theoretical basis Technical basis
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Google shares drop $100 billion after its
new Al chatbot makes a mistake




Data Collection Step

Semantic Analysis Model

Action Trigger Module

List of Web Sites Keywords . .
1. Kawar Aelated Words to sur target 1.Determines the Failure
2. Kalks | .
T @é}f’ Al 2.Takes an action
4. doogle Mews C;
ke, relaned websines
Lamguage Model (~BERT)
1. Text embeddings
1. Teur classification
Oata Collection Module 3. Matches target and fallure
Report
Python:
1. Crawl the WebSites
2. Collect Data in JSON
format
1. Filtering the Data
I NLP
E £ 1.Get Data from database
Data In JSON 2. Text tokenization
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Module
« We have (Keywords, List of websites) Database
» Dur Web Scraping Model gets data based on them Filvered Text Data Processed Data Database
= |t gives us HTML data (related) ;TI.:T
* WE will fiter them and send to Database 2 Description
= Al Model gets Filtered data from Database £ Dare
1 TheKorea Herald

Most Popula N T —
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102

FM Park holds talks with
China’s Wamg ahead of

Manufacturing sentiment grows for first time in 4 months in
Decomber

Japan reportedly decides to
support S, Korea's World.,

Samsung Electronics makes Snal pltch bn Paris for Busan's bld to host 20

Is Failure
detected?

Thursday, Novermnber 30

14:48

» Notification

ntfy.sh/SNS_FAILURE_ARERT now
FAILURE DETECTED: KAKAOTALK IS DOWN




Key achievements:

» Scrapping > 20,000 latest news from 40+ sources in less than 10

seconds

« Al Model understands both English and Korean contents
» |[nstant notification to mobile phones of clients

Multi-lingual Embedding
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Bilingual Word Embeddings for Phrase-Based Machine Translation, Will Zou,

Richard Socher, Daniel Cer and Christopher Manning, EMNLP, 2013

each news title ->Al Model -> 512x1 vector
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Exptected effect

Build trust with user:

Build user trust by quickly recognizing and coping with failures

Prevent the loss of revenue:

Prevent major damage by not missing the golden hour in case of failure

Utilization plan

Estimate and select the cause of the failure,
identifying common problems among user
feedbacks

Use as a system to detect potential failures
before they occur by analyzing the patterns of
user feedbacks



Sardor
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Phase 1

» Developing the Web Scraper
» Getting on well with the Project

» Developing the Web Scraper
Getting on well with the Project

» Developing the Web Scraper
Getting on well with the Project

* Developing the Web Scraper
* Getting on well with the Project

Phase 2

Making Weekly reports
Finding Information
Making Plans

Making Weekly reports
Finding Information
Making Plans

Making Weekly reports
Finding Information
Making Plans

Making Weekly reports
Finding Information
Making Plans

Phase 3

Developing the Al

Making Presentations

Finding Data (News)

Writing Reports and
Documentations

Phase 4

Finding the best Model
* Developing the Ai

Finding the AI Model
* PPT slides
* Competition preparations

Scraping given web sites
Testing web Scraper

» Contributing for AI Model
development
* Finding and making Datasets



SNS Platforms Failure Detection
System
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Analysis Result

- Generating embeddings for the data... Please wait.
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Tnank you for your attention!
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